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Figure 1. Proposed Model Architecture Overview
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Linear Regression E’_Ei_] 2 RMSE 1.2041, R?1|A4] 0.0356,

1S RMSE
1.2034, R2o|| 4] 0.0370, PCCE 0.14672] A%-2
GAT =92 RMSE 11647, R*IA4 02321, PCCe=
022462 A5 Yeldth B =4S RMSE 1.109%,
20)| 4] 0.3048, PCC=0.36142] A1 %-& YERAT

Table 1. Evaluating the performance of machine

learning models

% 1. A% R9Ee) 45Ht

Model RMSE R? PCC
Linear (baseline) 1.2041 0.0356 0.1493
RF (baseline) 1.2034 0.0370 0.1467
GAT (baseline) 1.1647 0.2321 0.2246
Ours 1.1096 0.3048 0.3614
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